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1. INTRODUCTION:   
As now all the decisions and activities are depended on the database. The size of database becomes big data. So 

the role of pure and error free database is more important as compare to any other kind of database.  

In the present context data outlook and fulfilment is critical to any establishments. Data arrangement for data 

mining is a key phase of data analysis. In general numerous flows specialized and examine data sets contain out of the 

ordinary behaviour.  

Completeness of basic dataset is the main imperative feature for the database of any institutions. In the same 

way data preparation for data mining is a key stage of data analysis. Numerous technical and research data sets restrain 

anomalous values.  

Anomalous or irregular value in database is solitary of the biggest problems faced in data analysis and in data 

mining applications. The possessions of irregular and anomalous values are highly reflected on the final results. The 

problems get increases when values are irregular and anomalous at the early or end of the attribute.  

In this paper, the irregular and anomalous values like outliers and inliers will introduce in the context of data mining 

and in the same way a set of approaches will be introduce which tries to find out the pattern to generate anomalous and 

irregular values from a real world imbalanced database with ambiguities.  

 

2. ANOMALOUS VALUES: 

The availability of anomalous data in the dataset or processing on them during the data cleaning is notion which 

support to clean that dataset. Ambiguities in the dataset is one of the major problem for the numerical attribute. This is 

fairly assorted from the missing values case. Meanwhile in this state there is an obtainability of the data in the attribute. 

Nevertheless the existing value is not significant at the moment. Consequently there is need to find out the error with 

anomalous values in the dataset. The anomalous values be incorporate with inlier, outlier and some extent of missing 

values.  

 
Figure-1: Anomalous Values 

Abstract:    Data mining is one of the prospect by which decision makings are committed in the very short span. All the 

decisions are always based on the available database. The correctness of the decision taken from the database are always 

depend on the purity of the data or information available in the database. But if the available data is impure or not up to mark 

and irregular as per the need then it will be cause of false decision. The false or improper decision generation are done by 

the impure database which is known as ambiguities in the database. There are various types of irregularities and ambiguities 

in the database which are commonly identified. Reducing such kind of ambiguities is subject of purifying the database for the 

preparation of correct decision. Data cleaning is one of the important stage of data mining in which working on the anomalous 

values, irregular data and missing data may take place. The entire process are also accountable under the reducing 

ambiguities from the database. The present paper tries to give an insight about the forms of ambiguities available in the 

database.  
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Thus anomalous values may be decomposed in the three major section together with the missing values. The 

countryside of missing value is diverse from other two, still missing values cases are accountable under the anomalous 

values. 

 Missing Values    

 Inlier Value 

 Outlier Value 
 

The values which are not in the accepted range are blamed under the anomalous values. Now, there is two 

likelihoods that either the value will be a smaller amount than the accepted value or either the values are higher. Thus, 

here it is clear that the values lesser than the accepted values in known as the Inlier and the values higher than the 

accepted are account as the outlier. 
 

 Outliers Data 
Outliers can happen by possibility in any circulation, but they often specify either computation fault or that the 

population has a serious tailed distribution. In the former case, one desires to eliminate them or use statistics that are 

robust to outliers, while in the latter case they signify that the circulation has high skewness and that one should be very 

careful in using tools or intuitions that imagine a normal distribution. A frequent reason for outliers is a combination 

of two distributions, which may be two distinct sub-populations. 
 

 Inliers Data 
Inliers are a data value that comes in the inside of a numerical allocation and is measured as fault. Because inliers 

are difficult to distinguish among the appropriate values, sometimes it is difficult to find inliers and make correction 

on it. Inliers in a set of data are an examination or sub parts of clarification of not unavoidably all zeros, that represents 

to be unbalanced with the lasting data set. 
 

3. MISSING VALUES: 

The missing values is important that, the case of missing values are very crucial because the algorithm for data 

cleaning will be different according to the missing values positions and cases.   

 
Figure-2: Types of Missing Values 

 

There are three key types of missing value case. The current study likewise focused on the similar, even we can 

say these cases are taken in the study and resolutions are designed for the same.  The missing data are labelled as a 

portion of the conduct in the data set which is either missing or not examined or not available due to customary or non-

usual basis. The data with absent values complicates both the data assessment and the alteration of a response for the 

original data. Several experts are effective on this concern to nearby more contemporary methods. Even though the 

features in which various procedure is accessible, in them researchers are challenging problem in looking for a suitable 

method due to nonexistence of data regarding the procedures and their suitability. This directs a predictable evaluation 

of the missing data approach. It is well known that most of the real world databases considered the problem which is 

concern from unavoidable conditions of incompleteness. This is directly associated with the expressions of missing 

values. An assortment of dissimilar reasons effect in outline of incompleteness in the data. The sample covers manual 

data entry trials, errors measurements and many others. The continuation of errors, and challenging missing values, 

makes it recurrently complicated to generate valuable estimation from the available data.  Whereas numerous data 

estimation and analysis algorithms can work with entire available data. Hence, strategies to work with dataset that 
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contains missing values, which we have to impute, or another expressions / algorithm used to fill in the missing values 

place.  

 

 Missing at Random 

The first missing value case which is considerable is the “Missing At Random”.  This means that the data partiality 

missing in the dataset but the data point are distributed or scattered in unequal manner. So it is assumed that there is 

missing values which is not associated to the fixed positions in the dataset. Further it is observed that missing data is 

associated to some of the experimental data. 

The missing at random values case is the general problem occurs in the data mining. It is observed that this is one 

of the most frequently occurrence missing case for the data cleaning.  The present study taken such format of the 

missing values cases for the assessments.   

 

 Missing Completely at Random 

This is one of the advance form of the missing at random. In such kind of conditions the missing values points are 

scattered completely in the random manner. There is no pattern about the missing values in the dataset. This is also 

known as the natural random missing values cases. But in the practicality there is less possibilities to recover values in 

the proper manner. To recover such values there is need of lot of efforts and much specified algorithms.  

The reality is that a guaranteed value is missing has not whatsoever to do with its theoretical value and with the 

values of supplementary variables. So we can say that there is problem to recover missing values by the help of other 

values which are available in the dataset.  Sometimes we have to take help of nearby dataset to recover the missing 

values, but it required very complex and statistical structure.   

 

 Missing Not at Random 
This is the case in which missing value points are not randomly distributed. But sometimes it creates imbalance in 

the datasets. This also symbolizes the uneven distribution of the missing values. Two potential reasons are that the 

missing value depends on the imaginary value e.g. People with high salaries usually do not desire to expose their 

incomes in surveys or missing value is dependent on various other variables‟ value. The below figure shows the missing 

data. 

 
3. CONCLUSION: 

Although it is very small part of the whole data mining process but it is not ignorable part of the whole process. 

So identification of anomalous values in the database along with missing values is one of the critical section of the data 

mining. The actual identification of factors responsible for ambiguities is the winning factor in the direction of taking 

correct decision through the available database.        
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